%11 | - Vol.35 No.l1l
2007 4 11 A ACTA ELECTRONICA SINICA Nov. 2007

PR R AR T A (R S B 3 L2 R

W

(P BB 2= TR R VIR R L 210097)

i OE: BEUEYREEHRE LR EEOONE, CA R T LR ] B 2 S U T AR B
A2 1 A R AR AR M2 T (B AE TR A 55 H A Le 5 DL R OUR B PR Z 1A O e, A SCHE S | AR 3R
PP EETARAFF R BT L RIS , B HH DR SR P i T A O A S 0 AL 240 0 B0k , 0k P A SO s S WA
L AT ST B I FH 1)t AT S0 D CAR T M AT Iy . i, AR S Tl e 438 AN (RS BE T 1) 240 57 J 4 46 7E Bench-
mark _FHEAT T 00 S (O PEREN A

A RS REEZOT: APRTRAN ERLR
hESES: P31 MERARIRED: A XEHS:  0372-2112 (2007) 11-2156-05
Approximate Reduction Based on Conditional Information
Entropy in Decision Tables
YANG Ming
( Department of Computer Science , Nanjing Normal University ; Nanjing , Jiangsu 210097, China )
Abstract:  Attribute reduction is not only one of important parts researched in rough set theory, but also widely applied to

many fields such as machine learning, data mining and so on. The attribute reduction method based on conditional information en-
tropy can also be used effectively in the algebra view . However, these are two main disadvantages: this method is sensitive to noise
and in some cases the obtained attribute subset-may contain some redundant attributes. Therefore, in this paper, after introducing a
concept of approximate reduction based on conditional information entropy in decision tables, we present an approximate reduction
algorithm based on conditional information entropy ( ARABCIE) . The algorithm can effectively improve sensitivity to noise and
properly select those redundant attributes by applications. Finally, we discuss the robustness of ARABCIE algorithm by experiment-
ing on benchmark using several attribute subsets with different precision.
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